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A Additional Descriptive Statistics and Specifications
A.1 Additional Descriptive Statistics
This section reports additional descriptive statistics for the data used in the analysis. We start with
data on famous individuals from de la Croix and Licandro (2015). Figure A.1 plots the time series of
the number of famous people (panel a) and of the density of famous people (panel b) by occupational
category from 1700 to 1880. While there seems to be an increasing trend in the number of famous
individuals recorded in the Index Bio-bibliographicus Notorum Hominum (IBN), this trend disappears
once we normalize the number of famous people by the population. The only notable peak is around
the years of the Enlightenment, where we see a surge in the density of famous people, which is driven
by famous individuals in Law and Government occupations. According to the original classification
of de la Croix and Licandro (2015), this category includes administrators, advisers, ambassadors,
congressmen, consuls, diplomats, judges, jurists, lawyers, mayors, and politicians.1 On the other hand,
when looking at the number or the density of scientists no relevant trend can be detected.

Figure A.1: Famous Individuals by Category Over Time

Next, Table A.1 reports the summary statistics of the variables used in the analysis for the sample
restricted to cantons that gave birth to at least one famous person and Table A.2 for the sample restricted

1The surge of famous people in Law occupation during the 18th century is in line with evidence of a sharp increase of
university enrolled in law schools (Kagan, 1975)
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to cantons where at least one famous individual migrated into.

Table A.1: Summary Statistics - Restricted Sample Famous Individual—Birth

(1) (2) (3) (4) (5)
Mean Stand. Dev. Min Max Obs.

Density of Scientists 0.05 0.28 0 11.01 12,062
Density of Nonscientists 0.25 0.74 0 23.58 12,062
Share Refractory Clergy 0.45 0.26 0 1 12,062
Population 11,731.6 30,647.2 215 1,851,792 12,062
University-Grande École Dummy 0.02 0.15 0 1 12,062
Atlantic Dummy 0.07 0.26 0 1 12,062
Mediterranean Dummy 0.02 0.13 0 1 12,062
Distance to Paris 0.38 0.19 0 0.79 12,062
Distance to Coalfields 0.07 0.05 0 0.21 12,062
Wheat Suitability 3.58 1.12 1 8 11,675

Notes: This table provides descriptive statistics for the variables used in the analysis, focusing on those
cantons that gave birth to at least one famous individual over the 1790-1880 period.

Finally, we provide department-level evidence that the share of refractory clergy is correlated with
other indicators of Catholic intensity, both before the French Revolution and in the 19th and 20th cen-
turies. Columns (1)-(3) of Table A.3 report the results of Squicciarini (2020). In particular, exploiting
data from the 1789 cahiers de doléances, column (1) uses the share of antireligious categories over
all topics covered in the cahiers.2 Column (2) correlates the share of refractory clergy with data on
the share of readers of the newspaper La Croix in 1893, the main Catholic newspaper. Columns (3)
correlates our religiosity measure with Church attendance (measured as the share of people attend-
ing the Sunday Mass between 1951 and 1960). In column (4), instead, we add a further religiosity
measure and look at the relationship between the share of refractory clergy and the number of priest
ordinations per capita in the mid-20 century (Godfrin and Godfrin, 1965).3 All religiosity indicators
are significantly associated—with the expected sign—with the share of refractory clergy, providing
evidence that the latter indeed captures religious attitudes at the local level.

2The cahiers de doléances were a list of grievances and suggestions about several aspects of French social, economic,
and political life. Squicciarini (2020) identifies four categories reflecting “antireligious” attitudes. For details see Squic-
ciarini (2020).

3This religiosity indicator is measured as an index ranging from 1 to 6.

Appendix p. 3



Table A.2: Summary Statistics - Restricted Sample Famous Individual—Migration

(1) (2) (3) (4) (5)
Mean Stand. Dev. Min Max Obs.

Density of Scientist Immigrants 0.06 0.74 0 38.02 6,014
Density of Nonscientist Immigrants 0.27 1.03 0 20 6,014
Share Refractory Clergy 0.43 0.26 0 0.99 6,014
Population 12,898.1 43,117.7 214 1,851,792 6,014
University-Grande École Dummy 0.04 0.20 0 1 6,014
Atlantic Dummy 0.10 0.30 0 1 6,014
Mediterranean Dummy 0.03 0.17 0 1 6,014
Distance to Paris 0.37 0.21 0 0.79 6,014
Distance to Coalfields 0.08 0.06 0 0.21 6,014
Wheat Suitability 3.62 1.18 1 7.5 5,798

Notes: This table provides descriptives for the variables used in the analysis, focusing on those cantons
where at least one famous individual migrated over the 1790-1880 period.

Table A.3: Persistence of Religiosity (1788-1950s)

Dependent Variable: Share Refract. Share LaCroix Church Attendance Priests Ordination
Clergy Readers 1893 1951-60 1945-66

(1) (2) (3) (4)
Share Anti-Relig. Cahiers -1.309∗∗∗

(0.426)
Share Refractory Clergy 1.315∗∗∗ 0.428∗∗∗ 3.478∗∗∗

(0.471) (0.066) (0.718)
R2 0.09 0.08 0.39 0.24
Observations 75 83 76 77

Notes: Source: Squicciarini (2020). All regressions are run at the department level. Column 1 also controls for the (log)
number of topics covered in the cahiers. Robust standard errors in parentheses. * p<0.1, ** p<0.05, *** p<0.01.
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A.2 Robustness Checks
We now present an extensive series of checks to verify the robustness of the baseline estimates (Table
2) to additional controls and alternative model specifications, as well as to the use of different samples
and alternative standard-error corrections.

First, in Table A.4 we test the robustness to the inclusion of additional sets of controls to the baseline
model specification. In particular, since the 10% of the cantons host a grande école and/or a university,
we account for the availability of higher-education institutions using either the distance to the closest
grande école (Column 1) or the distance to the closest university (Column 2). Moreover, in column (3)
we account for the possible persistence in the birth places of famous scientists and include the first time
lag of our dependent variable. In column (4), we add a set of variables containing the (log) number of
famous individuals born in the canton in the presample period. These variables are meant to capture
unobservable persistent characteristics that could favor the formation of upper-tail human capital, as
well as the pre-existing occupational specialization. In column (5) we conclude this exercise adding
department-level variables that could be related with religiosity and affect the economic specialization
of the department. In particular, we add mean precipitation and mean temperature between 1767-
1791 (sourced from Franck and Michalopoulos, 2017) and the number of early industrial activities
(sourced from Squicciarini and Voigtländer, 2015).4 The former two variables could be potentially
correlated with a specialization in agriculture, while the latter could capture an initial advantage for
the industrialization process. Throughout the table, the coefficient on the share of refractory clergy
remains negative, statistically significant, and stable in magnitude.

Furthermore, in Table A.5 we show the robustness of the results to the use of alternative subsam-
ples. First, big cities were the centers of French culture and economic activities, hence, we test if
our results survive when excluding the largest cities (column 1).5 Second, remoteness and distance
(also in terms of linguistic and cultural background) could be important confounders. While including
distance to Paris already controls for the reach of the central government, we now focus on Brittany
and on those departments that had spoken a language different than French.6 The results hold when
excluding these areas from the analysis. Next, Column (4) excludes all cantons that fall in the highest
or lowest 5% of the religiosity distribution. The estimated coefficients on the share of refractory clergy
remains remarkably stable across the different samples.

4Early industrial activities include the number of mines, forges, iron-trading locations, and textile manufacturers prior
to 1500.

5We exclude cities with more than 50,000 inhabitants corresponding to the 0.5 top percentile of the population distri-
bution.

6Non-French-speaking departments are: Corse, Finistere, Pyrenees Orientales.
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Table A.4: Robustness Checks—Additional Controls

Dependent Variable: Density of Famous Individuals in Scientific Fields, 1790-1880
(1) (2) (3) (4) (5)

Share Refractory Clergy -0.014∗∗ -0.010∗ -0.014∗∗ -0.024∗ -0.013∗∗

(0.006) (0.006) (0.006) (0.013) (0.006)
Dist. Grandes Ecoles 9.488

(10.619)
Dist. Universities 80.017∗∗∗

(29.549)
Scientist Densityt−1 0.039∗∗

(0.016)
Num. Famous in Science (log), 1660-1780 0.008

(0.009)
Num. Famous in Army (log), 1660-1780 0.008

(0.006)
Num. Famous in Education (log), 1660-1780 0.032∗∗∗

(0.008)
Num. Famous in Art (log), 1660-1780 0.029∗∗

(0.012)
Num. Famous in Law (log), 1660-1780 0.025∗∗∗

(0.006)
Num. Famous in Humanities (log), 1660-1780 0.000

(0.013)
Num. Famous in Business (log), 1660-1780 0.002

(0.011)
Num. Famous in Nobility (log), 1660-1780 -0.025

(0.019)
Mean Temperature 0.006

(0.008)
Mean Precipitation -0.000

(0.007)
Pre-Industrial Activities -0.003

(0.002)
Time FE ! ! ! ! !
Controls ! ! ! ! !
Region FE ! ! ! ! !
R2 0.01 0.01 0.01 0.05 0.01
Observations 26,133 26,133 23,212 8,232 26,088

Notes: All regressions are run at the canton level. The dependent variable is the density of famous scientists in the 1790-
1880 period. Controls are those listed in Table 2. Additional Controls: Dist. Grandes Écoles measures the distance to
the closest Grande École (in 1,000km). Dist. Universities measures the distance to the closest university(in 1,000km).
Scientist Densityt−1 is the first time lag of the dependent variable. Num. Famous in... reflects the (log) number of famous
individuals born in the canton in the 1660-1780 period with occupation in the specified field. Mean Temperature and Mean
Precipitation measure the (log) average precipitation and temperature in the 1767-1791 period. Pre-Industrial Activities
is an index of pre-industrial activities in France that includes the number of mines, forges, iron trading locations, and
textile manufactures before 1500. Standard errors (clustered at the district level) in parentheses. * p<0.1, ** p<0.05, ***
p<0.01.
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Table A.5: Robustness Checks—Different Samples

Dependent Variable: Density of Famous Individuals in Scientific Fields, 1790-1880
(1) (2) (3) (4)

Share Refractory Clergy -0.015∗∗ -0.014∗∗ -0.015∗∗ -0.013∗

(0.006) (0.006) (0.006) (0.007)
Time FE ! ! ! !
Controls ! ! ! !
Region FE ! ! ! !
R2 0.01 0.01 0.01 0.01
Observations 26,051 25,476 24,459 23,397
Sample No Big Cities No non-French-Speak. No Brittany Trimmed

Notes: All regressions are run at the canton level. Controls are those listed in Table 2. In column (1) cantons with more
than 50.000 inhabitants in 1793 are excluded. In column (2) departments that had spoken a language different than French
are excluded. In column (3) the region of Brittany is excluded. In column (4) we exclude cantons in the lowest and highest
5% of the religiosity distribution. Standard errors (clustered at the district level) in parentheses. * p<0.1, ** p<0.05, ***
p<0.01.
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Figure A.2: Alternative Standard Errors Corrections
Notes: The figure plots the coefficient on the share of refractory clergy that results from running the baseline model using
the density of scientists born in a canton in the period 1790-1880 as dependent variable. The bars represent the 90 percent
confidence intervals associated with different corrections of the standard errors.

Finally, we check whether our results are robust to different standard error corrections. Figure
A.2 reports the coefficient and 10% confidence intervals resulting from different models. We report
the baseline estimates (column 4 of Table 2) for comparison as the first coefficient. We (i) allow
for heteroskedasticity in the variance-covariance matrix, (ii) cluster at district×time level, allowing
for correlation across cantons in the same district within each decade, (iii) use two-way clustering to
allow correlation both across cantons within a district over time and across all cantons of the same
region in each decade, (iv) cluster at the department level or (v) at the region level to allow for corre-
lation across all the cantons of a department/region over time, (vi) correct standard errors for spatial
correlation using Conley (1999), and with different distance cutoffs to allow for spatial correlation
among neighboring cantons (the cutoffs are 100km, 150km, 200km, 300km, and 500km), (vii) use
the heteroskedasticity and autocorrelation consistent estimator to account for the possibility of serial
autocorrelation (we allow for a temporal decay of 1, 3 and 5 time periods, respectively). The effect of
religiosity on the density of scientists is statistically significant across all the alternative standard-error
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corrections.
We now present a series of additional tables complementing the results reported in Section 4. Table

5 in the text provided evidence that the negative effect of religiosity on the density of scientists cannot
be generalized to other fields. It used as dependent variable the density of all nonscientists together.
We now provide further evidence for this nonrelationship, by studying the density of famous people,
separately for each occupational category. In particular, in Table A.6 we implement our baseline
specification (column 4 of Table 2) and analyze, one by one, the density of famous individuals in all
nonscientific fields, i.e., humanities, army, law, education, art, business, and nobility. Reassuringly,
the results show that religiosity is not significantly associated to the density of famous individuals in
any fields other than sciences. Table A.7 replicates Table 4 using the density of nonscientist famous
migrants. As expected the share of refractory clergy is not a significant determinant of the migration
pattern of nonscientist migrants.

Table A.6: Religiosity and Density of Famous Individuals in Nonscientific Fields

Humanities Army Law Education Art Business Nobility
(1) (2) (3) (4) (5) (6) (7)

Share Refractory Clergy 0.007 -0.001 0.007 0.010 -0.008 0.005 0.002
(0.004) (0.008) (0.011) (0.009) (0.008) (0.006) (0.003)

Controls ! ! ! ! ! ! !
Time FE ! ! ! ! ! ! !
Region FE ! ! ! ! ! ! !
R2 0.01 0.01 0.01 0.02 0.01 0.00 0.00
Observations 26,133 26,133 26,133 26,133 26,133 26,133 26,133

Notes: All regressions are run at the canton level. The dependent variable is the density of famous people in the fields
indicated in the headings in the 1790-1880 period. Controls are those listed in Table 2. Standard errors (clustered at the
district level) in parentheses. * p<0.1, ** p<0.05, *** p<0.01.

Finally, we want to rule out that the results of Table 6 are driven by the methods we used to estimate
population and build the density of famous scientists. In Table A.8 we use two alternative measures
of our dependent variable. In columns (1) - (3) we use the overall number of famous scientists over
the period 1700-1780 normalized by the first available census population of 1793 (expressed in ten-
thousands); in columns (4) - (6) we use the total number of scientists over the period 1700-1780 without
normalizing for the population. Differently from Table 6, regressions are now performed at the cross-
sectional level. For each dependent variable we report the simple correlation, and the results of our
baseline specification on the full and the restricted samples. Consistently with the results in Table 6,

Appendix p. 9



Table A.7: Density of Famous Migrants (Nonscientists) and Religiosity

Dependent Variable: Density of famous individuals (migrants), 1790-1880
(1) (2) (3) (4) (5)

Share Refractory -0.052∗∗ 0.004 0.004 0.022 0.085
(0.025) (0.017) (0.017) (0.027) (0.079)

Population -0.020∗∗ -0.020∗∗ -0.011 -0.272∗∗∗

(0.010) (0.010) (0.011) (0.060)
Distance to Paris -0.080∗ -0.080∗ -0.054 0.016

(0.042) (0.042) (0.045) (0.148)
University-Grande École Dummy 0.296∗∗∗ 0.295∗∗∗ 0.280∗∗∗ 0.536∗∗∗

(0.047) (0.046) (0.050) (0.094)
Atlantic Dummy 0.032∗∗ 0.032∗∗ 0.013 -0.004

(0.013) (0.013) (0.015) (0.040)
Mediterranean Dummy 0.086∗ 0.086∗ 0.084∗ 0.011

(0.052) (0.052) (0.050) (0.095)
Distance to Coalfields 0.516∗∗∗ 0.516∗∗∗ 0.360∗∗∗ 0.026

(0.174) (0.174) (0.117) (0.287)
Wheat Suitability 0.017∗ 0.017∗ 0.014∗ 0.052∗∗∗

(0.010) (0.010) (0.007) (0.015)
Time FE ! ! !
Region FE ! !
R2 0.00 0.01 0.01 0.02 0.06
Observations 27,195 26,133 26,133 26,133 5,798
Sample Full Full Full Full Restricted

Notes: All regressions are run at the canton level. The dependent variable is the density of famous migrants (with occu-
pation in fields other than science) in the 1790-1880 period. Controls are those listed in Table 2. The restricted sample
corresponds to cantons where at least one famous individual migrated throughout the sample period (1790-1880). Standard
errors (clustered at the district level) in parentheses. * p<0.1, ** p<0.05, *** p<0.01.
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there is no systematic significant relationship between the presence of famous scientists and religiosity
before the French Revolution.

Table A.8: Religiosity and Density of Famous Scientists before 1780

Dependent Variable: Density of Famous Scientists, 1700-1780 Number of Famous Scientists, 1700-1780
[using 1793 population]

(1) (2) (3) (4) (5) (6)

Share Refractory Clergy -0.017 -0.038 -0.132 -0.008 0.095∗ 0.219
(0.032) (0.057) (0.183) (0.059) (0.054) (0.170)

Controls ! ! ! !
Region FE ! ! ! !
R2 0.00 0.07 0.08 0.00 0.32 0.35
Observations 3,021 2,903 854 3,034 2,903 854
Sample Full Full Restricted Full Full Restricted

Model OLS OLS OLS OLS OLS OLS
Cross- Section Cross- Section Cross- Section Cross- Section Cross- Section Cross- Section

Notes: All regressions are run at the canton level. The dependent variable in columns (1) - (3) is the number of famous
scientists born in a canton throughout the period 1700-1780 divided by the first available census population of 1793. The
dependent variable in columns (4) - (6) is the number of famous scientists born in a canton throughout the 1700-1780
period. Controls are those listed in Table 2 –except for Population which is measured as the (log) total canton population
reported by the first available census population of 1793. The restricted sample corresponds to cantons where at least one
famous individual was born throughout the sample period (1700-1780). Standard errors (clustered at the district level) in
parentheses. * p<0.1, ** p<0.05, *** p<0.01.
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B Data: Description and sources
B.1 Information on French departments, districts, and cantons
During the 1789 French Revolution, the National Constituent Assembly divided the French territory in
83 departments. Their number changed in the following years. In 1815, after the Congress of Vienna,
there were 86 departments (three of the initial departments were split). In 1860, the departments of
Savoie and Haute-Savoie were also annexed, while, after the Franco-Prussian war, France lost the
departments of Haut-Rhin and of Bas-Rhin, as well as a very large area of the departments of the
Moselle and Muerthe departments. Thus, since the borders of the French territory changed over time,
we focus on the 83 departments that have been part of France during the entire period of our analysis –
thus excluding Meurthe, Moselle, (Meurthe-et-Moselle), Haut-Rhin, Bas-Rhin (and Belfort), Savoie
and Haute-Savoie.

Our analysis is performed at the canton level. Cantons, created during the French Revolution,
were typically composed of a main city and a few smaller towns or villages. The number of cantons
varied little throughout the 19th century: there were 2,916 cantons in 1801 and 2,860 cantons in
1876. Our dependent variables (the number of famous people and the number of famous scientists)
are constructed at the canton level.

Districts represent the geographical unit between departments and cantons. Districts have been
in place for approximately five years during the revolutionary period (from 1790 to 1795). Our main
measure of religiosity, the share of refractory clergy, is measured at the district level. Information on
district borders were kindly share by Victor Gay and used in Squicciarini (2020).

B.2 Data description
Famous Individuals
Data on the number of famous people are from de la Croix and Licandro (2015).

Density of famous scientists (and nonscientists), 1790-1880 – canton level The density of famous
scientists (nonscientist) is computed as the number of famous people in scientific (nonscientific) pro-
fessions born in canton c during decade t per 10,000 inhabitants at the beginning of each decade. We
exclude famous religious people throughout the analysis. We keep only individuals for whom infor-
mation on year and place of birth and death, occupation, and nationality are reported. Occupations
are grouped into nine categories: arts and métiers, business, religious, education, humanities, law and
government, military, nobility, and sciences. We further restrict the sample to famous people of French
nationality, born in France between 1790 and 1880, and attribute them to French cantons using the
information on the place of birth ad death.
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Density of famous scientist (and nonscientist) immigrants, 1790-1880 – canton level The density
of famous scientist (nonscientist) immigrants is computed as the number of famous people in scientific
(nonscientific) professions that died in canton c and were born elsewhere in France in decade t (per
10,000 inhabitants) at the beginning of each decade. Scientific professions include: agronomists,
architects, astronomers, botanists, builders, cartographers, chemists, doctors, engineers, geographers,
geologists, inventors, mathematicians, naturalists, pharmacists, physicians, physicists, surgeons and
zoologists.

Number of famous people (log) , 1650-1780 – canton level The number of famous individuals in
the period 1650-1780 is computed as the cumulative number of famous people in each occupational
category. Our control variables are defined as: ln( 1+ num. of famous people in occupational group g).

Measure of religiosity
Share of refractory clergy in 1791 – district levels The share of refractory clergy is computed
as the share of clergy that did not swear the oath of allegiance to the Constitution (nonjurors) over
the total number of clergy in 1791. For 9 districts, data on the number of clergy (jurors and total)
are not provided, but the share of jurors is directly reported. In these 9 cases, we use the share al-
ready reported, rather than computing it. For the vast majority of cases (95%), information on jurors
are reported for the first quarter of 1791 (when the government required the clergy to swear the oath).
For 5% of districts, we use information reported for later months. Data are provided at the district level.

Other control variables
Population – canton level Population is measured as total population at the canton level. Source:
Project “Des villages de Cassini aux communes d’aujourd’hui” which collects census population data
for France since 1793. The original data are available at http://cassini.ehess.fr and are reported city
level. We sum up the population of all the cities belonging to the same canton to obtain a canton-level
measure of population. Our control variable is defined as: ln(population).

Distance to Paris – canton level Distance from Paris is the distance from Paris (in 1,000 km). This
is computed as the average of the distance from Paris across all communes in a given canton (or
department if the analysis is at the department level).

University- Grande École Dummy – canton level Time-varying dummy variable that equals one
if a University or a Grande Ecole was present in decade t in a given canton. Source Grandes Ecoles:
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Conference des Grandes Ecoles (https://www.cge.asso.fr) Source Universities: de Ridder-Symoens
and Rüegg (2003a,b); Rüegg (2004) as reported by Wikipedia.

Atlantic and Mediterranean dummy variables – canton level Dummy variables that equals 1 if
at least one municipality of the canton is located on the Atlantic ocean or on the Mediterranean sea,
respectively.

Distance to coalfields – canton level Distance from coalfields (in 1,000 km). This is computed as
the canton’s distance from the nearest coalfield. Source: Juhász, Squicciarini, and Voigtländer (2020).

Wheat suitability – district level Wheat suitability measures wheat soil suitability. These data are
provided at the district and at the department levels. Source: Finley, Franck, and Johnson (2020).

Measures of secondary education
Data on secondary education are from statistique Générale de la France. L’enseignement primaire et
secondaire de 1865 aă 1906. Available at: https://doi.org/10.4000/acrh.3038.

Share Secondary Catholic Schools – department level Share Secondary Catholic Schools is the
share of secondary schools classified as Catholic over the total number of secondary schools at depart-
ment level in 1865.

Share Secondary Public Schools – department level Share Secondary Catholic Schools is the
share of secondary schools classified as Public (i.e., Lyceés and Collegès) over the total number of
secondary schools at department level in 1865.

Share of population with secondary education – department level Ratio between the number of
students enrolled in secondary schools and population of the department.

Number of schools and number of students – department level Logarithm transformation of the
total number of secondary schools (both private and public) and of the total number of students enrolled
in secondary schools.
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